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Fig. 1. Workflow to develop a calibration model.
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Fig. 2. An illustrative example of iPLS.
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Fig. 3. An illustrative example of SFD-PLS.
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Fig. 4. An illustrative example of SFD-NCSC-PLS.
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Fig. 5. Wavenumber clustering and selection results.
(a) preprocessed NIR spectra in calibration set.
(b) preprocessed NIR spectrum of drug sub-
stance. (¢) generated spectral intervals and
wavenumber groups; the same color means the
same group in each method. In iPLS and SFD-
PLS, vertical lines represent boundaries of
spectral intervals. In SFD-NCSC-PLS, shaded
regions represent wavenumber groups. (d)
selected wavenumbers (shaded regions).
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Fig. 6. Comparison of wavenumber selection methods

in terms of SEP and calculation time. PLS-AIl
uses all the wavenumbers without wavenum-
ber selection.
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Fig. 7. Appearance of software to conduct SFD-NCSC-PLS. (procedure) 1. Load
spectra and reference data. 2. Enter wavenumber range to be evaluated.
3. Select preprocessing method and tuning parameters. 4. Click ‘Optimize’,

then results are shown.
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